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two-round classification with the same classifier
Overall Framework: Two Modules, SSN aligns person parts per frame and 3D Aggregator extracts information enable supervised, semi-supervised, unsupervised learning
from multiple frames

———————

7Y 4

]
)

———————

| Knee 1| i EKnee 2 1 Foot1

————— — —— —— —

—————————————————— ——




